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circles are ecologically important, because fairy circles are a sensitive given input image, and then a integrated into any neural network architectures. Future efforts in this
climate indicator. Moreover, they are global with confirmed occurrences backbone network is trained : 4 Re-training Ny research will be to create a global database of fairy circles monitoring
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southwestern United States. To take advantage of this climate indicator, : fairy Stacking | features from
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monitoring their changes over time. Ground survey is not an option, as Mo duFI)es (see Fig 4) on the Training images maps N sa |h L layers y
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Fig 2: cat image (left) and CAM of cat (right) Fig 5. (a) Original image of fairy circles, (b) Attention maps superimposed on the original fairy circles, (c) original images of non-fairy circles,
) U and (d) attention maps superimposed on the original non-fairy circles. J y
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